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Abstract
We consider the problem of storing a single element from an m-element set as a binary
string of optimal length, and comparing any queried string to the stored string without
reading all bits. This is the one-element version of the problem of membership testing in
the bit probe model, and solutions can serve as building blocks of general membership
testers. Our principal contribution is the equivalence of saving probe bits with some
generalized notion of domination in hypercubes. This domination variant requires that
every vertex outside the dominating set belongs to a sub-hypercube, of fixed dimension,
in which all other vertices belong to in the dominating set. This fixed dimension equals
the number of saved probe bits. We give specific constructions showing that up to three
probe bits can be ignored when m is far enough from the next larger power of 2. The main
technical idea is to use low-dimensional (grid) relaxations of the problem. The design of
optimal schemes remains an open problem, however one has to notice that even usual
domination in hypercubes is far from being completely understood.
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1.1

Introduction
The Setting

Consider a fixed set U of m elements. We wish to perform two actions:
(i) Store a single element of U in memory.
(ii) For any u ∈ U (given to us by some external questioner) answer the question whether
the stored element equals u.
Memory may also be empty, and in this case the answer to (ii) should always be negative.
An action being similar to (ii) is simply:
(iii) Return the stored element.
One can obviously use (iii) to do (ii), but for a negative answer to (ii) it may not be necessary
to identify the stored element.
We suppose that memory consists of some number s of bits. Clearly, the smallest possible
memory size for the above task is s = dlog(m + 1)e, where log := log2 . Then every element
of U can be represented by a unique string of s bits that may be stored. Furthermore it is
trivial to recover the stored element by reading all s bits. However it may be sufficient to
read a smaller number t < s of bits.
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1.2

Contributions

Only at first glance it might appear counterintuitive that not all bits need to be read. However, it suffices to probe a subset of bits that distinguishes the queried element from all other
potentially stored elements, and in fact, t < s is possible to achieve if m is far enough from the
next larger power of 2. We will see that designing schemes that utilize this idea is equivalent
to domination in punctured hypercubes. In a nutshell: Binary strings form a hypercube, but
not all vertices need to be used to encode elements, and we can decide on the unused ones.
When checking an element, we can stop reading more bits as soon as the already known bits
lead to a unique encoding. The vertices described by the read bits form a sub-hypercube.
This naturally defines a generalized domination problem in hypercubes that we call cube
domination. Since already usual domination in hypercubes is difficult, we relax the problem
to low-dimensional grids in order to be able to construct specific solutions. We can save up
to 3 probe bits for certain large ranges of m. The main open question is how to prove lower
bounds on t, or equivalently, upper bounds on m. Therefore our numerical results are likely
to be improved by further research.
Other complexity models and other ways of implementing the same data structure (other
than by binary strings) are beyond the scope of this paper.

1.3

Background

A more general task than the one considered here is to store a set of up to n elements and
to answer set membership queries, i.e., tell whether a queried element is in the stored set or
not. This fundamental data structure problem has been studied thoroughly [5, 15, 4, 16].
The bit-probe model considers the number s of memory bits and the number t of bits that
must be read (probed) in order to answer a query. In that model, memory access is assumed
to be the expensive part, while the external computations needed to decide and decode the
probes are a secondary concern. In general, so called succinct data structures are concerned
with the trade-off between memory space and probes for answering queries or executing other
data structure operations. There are more recent results on set membership queries in the
bit-probe model in different ranges of the parameters [13, 8, 9].
Membership testers for small numbers n of elements can be relevant in various ways. For
memory management reasons, a large membership tester may be split into many small blocks,
where some hash function determines the blocks where elements are stored. The question of
optimizing blocks for fixed small n was raised in [6]. In the present paper we consider only the
case n = 1. However, testers for single elements can be building blocks of any membership
tester that first finds the location in memory where the queried element would be stored, and
then checks whether the stored candidate actually equals the queried element. Storing and
testing single elements is also a relevant task in its own right, e.g., for authentication and
access control of software agents. There, the stored element may be a secret key.
As mentioned, there is a trade-off between s and t. We focus on the smallest possible
memory size s per element and ask how many probe bits can be saved nevertheless. In big
data applications, memory space can be a bottleneck or an expensive resource.
The immediate relevance of a few saved probe bits might not be large, however for practical
s they can make up some percent of the memory bits, and queries may be frequent, such that
certain applications may become slightly faster. However the more interesting aspect is an
understanding of the combinatorial nature of the problem, and the question which savings
are possible at all. Domination is a classic notion in graph theory, and connections between
properties of binary codes and the combinatorics of hypercubes are common.
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In our notion of cube domination, every vertex not being in the dominating set must
belong to some sub-hypercube of fixed dimension, in which all other vertices do belong to
the dominating set. Some other, remotely similar generalizations of domination have been
considered in the literature. One example are k-dominating sets, where every vertex outside
the set must have at least k neighbors in the set. The concept of k-tuple dominating sets
is similar. We refer to [1, 7, 11] for several approximation results. In our cube dominating
sets, the “dominating” vertices are not all adjacent to the “dominated” ones, instead, they
must form some low-diameter subgraph of a fixed shape that includes the dominated vertex.
We define our notion only for hypercubes and their subgraphs. Similar concepts of subgraph
domination in general graphs might also be interesting, should some motivation for them
arise.
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Preliminaries

To avoid the invention of private terminology we use the established notation for membership
testers. Informally, an (m, n, s, t)-scheme is a data structure that can store, within s bits, up
to n elements from a universe of m elements and test whether a queried element is among
the stored ones, by reading at most t bits. In our case we always have n = 1, and hence the
“data structure” shall answer question (ii) from the Introduction.
Upon a query, some strategy decides on the bits to read and eventually outputs an answer.
An adaptive strategy decides sequentially which bit to read next, depending on the query and
on the bits already seen.
Definition 1. An (m, 1, s, t)-scheme consists of:
• a partitioning of the set {0, 1}s of binary strings of length s into a set E of m element
strings, a set D of dummy strings, and a set {o} containing only one special string
(without loss of generality the zero string),
• an injective function ϕ : U −→ E that encodes the elements of a fixed set U with
|U | = m as element strings,
• a deterministic adaptive strategy that takes a string e ∈ E ∪ {o} and a queried element
u ∈ U , reads at most t bits of e, and outputs “yes” if e = ϕ(u), and “no” otherwise.
We may informally identify an element u ∈ U with its element string ϕ(u). The string
o represents the empty set, that is, the state when no element is stored. For our worst-case
results, adaptivity is not really needed (see also the later remark after Proposition 3). When
checking an element, we expect specific bits at specific positions, hence we can also read these
bits simultaneously. However, adaptivity can make a difference for the efficiency of negative
tests.
Definition 2. Given an (m, 1, s, t)-scheme, we define the following concepts and expressions,
where xi denotes the i-th symbol of a string x.
• A ternary string is a string x from {0, 1, ∗}s . We call ∗ the wildcard and let |x| denote
the number of non-wildcard symbols.
• For x, y ∈ {0, 1, ∗}s we define x ⊂ y and call x a substring of y,
if ∀i : xi = yi ∨ xi = ∗.
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• A ternary string p ⊂ ϕ(u) is a probe for u ∈ U , if p ⊂ e is false for all e ∈ (E∪{o})\{u}.
• A probe p for u is a minimal probe if no ternary string q with q ⊂ p, q 6= p is still a
probe for u.
• To read a probe means to look up the symbols of the probe which are not wildcards.
Now we obtain a more combinatorial characterization of (m, 1, s, t)-schemes and get rid
of the consideration of a strategy. Remember that the zero string o represents the empty set
and does not need a probe.
Proposition 3. An (m, 1, s, t)-scheme is uniquely determined by ϕ, E, and some minimal
probe p(u) ⊂ ϕ(u) for every u ∈ U . Moreover, every p(u) contains at least one bit 1. For
every u ∈ U , the test whether the stored string is ϕ(u) is done by reading p(u) entirely.
Consequently, t = maxu∈U |p(u)|.
Proof. In order to decide the presence of a queried element u, some minimal probe w of
u must be read completely (both in the positive and negative case). The reason is that,
by minimality, no deviating bit may be found, until the entire probe is read. We give the
argument more formally: Let w0 ⊂ w with |w0 | = |w| − 1. Since w0 is not a probe of u, there
exists another element v ∈ U with w0 ⊂ ϕ(v). That is, ϕ(u) and ϕ(v) agree on w0 and differ
in the bit omitted from w. Without reading this bit, too, a tester cannot tell apart u and v.
In particular, the tester cannot safely confirm or rule out the presence of u.
Finally observe that every minimal probe of an element must also contain some 1 in order
to distinguish it from the zero string.
While Definition 1 allowed adaptive reading, the above proof shows that the bits of a
minimal probe can be read in any order, even nonadaptively, since we must read them all.
In the adaptive setting, reading the probe bits in random order reveals a deviating bit in
expected time at most t/2, hence negative answers can be given faster, but not positive ones.
Finally, we define L := blog mc. Note that s = L + 1 is the optimal space that can be
used by any (m, 1, s, t)-scheme.
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Cube Domination in Hypercubes

The following graph-theoretic definitions are quite common.
The (Hamming) weight of a binary string x is the number of 1s in that string: |{i :
xi = 1}|. The (Hamming) distance between two binary strings x and y of equal lengths is the
number of different bit positions: |{i : xi 6= yi }|. The s-dimensional hypercube Qs is the graph
with vertex set {0, 1}s where two vertices are adjacent if and only if their Hamming distance
is 1. The sub-hypercube of Qs described by the ternary string x ∈ {0, 1, ∗}s is the subgraph
induced by all vertices y ∈ {0, 1}s with x ⊂ y. The punctured s-dimensional hypercube Qos is
Qs after removal of one vertex and its indicent edges.
Note that we do not strictly distinguish between elements u, their strings ϕ(u), and their
corresponding vertices in the hypercube Qs ; this should not cause confusion. Therefore we
may also speak of element vertices and dummy vertices in Qs , corresponding to the element
and dummy strings, respectively, as introduced in Definition 1.
A subset D of vertices in a graph is called dominating if every vertex outside D has
a neighbor in D. The domination number γ(G) of a graph G is the size of a minimum
dominating set. We say that a vertex is dominated by itself and by its neighbors.
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In hypercubes and their subgraphs we will now generalize the notion of domination. As
far as we know, this concept is novel. Note that the special case ` = 1 is usual domination in
hypercubes.
Definition 4. In a hypercube Qs or in an induced subgraph of QS , we call a set D ⊆ {0, 1}s
an `-cube dominating set if for every vertex u ∈
/ D there exists an `-dimensional sub-hypercube
consisting of u and 2` −1 vertices from D. We say that u is `-cube dominated by these vertices
from D. We call a vertex v ∈ D redundant if every u ∈
/ D is already `-cube dominated by
some 2` − 1 vertices from D \ {v}.
Informally, a redundant vertex is not needed to `-cube dominate any other vertex. The
connection of cube domination to our bit-probe number problem is given by:
Proposition 5. An (m, 1, L + 1, L + 1 − `)-scheme exists if and only if the vertex set of the
punctured (L+1)-dimensional hypercube can be divided into a set E of m element vertices and
a set D of 2L+1 −1−m dummy vertices, such that D is an `-cube dominating set. Specifically,
a probe for any element u ∈ U can be chosen as the ternary string of an `-dimensional subhypercube which `-cube dominates u.
Proof. Reformulation of the definition of a probe yields: For any element string u, a substring
v with t bits (thereof at least one 1) and ` = s − t wildcards is a probe, if an only if replacing
the wildcards with each of the 2s−t possible combinations of bits generates either u or a
dummy string. The assertion is evident from this statement.
The final lemma in this section is simple but will be a useful tool for concrete constructions
of schemes. Techniques for the extension of schemes to larger sizes are also known for general
membership testers.
Lemma 6. Let D be an `-cube dominating set in the full (L+1)-dimensional hypercube QL+1
with |D| = 2L+1 − m, hence with exactly m vertices outside D. Let f be any positive integer.
Then we have:
(i) There exists an (m − 1, 1, L + 1, L + 1 − `)-scheme. If D has some redundant vertex, then
there exists an (m, 1, L + 1, L + 1 − `)-scheme.
(ii) There exists a (2f m − 1, 1, L + 1 + f, L + 1 + f − `)-scheme. If D has some redundant
vertex, then there exists a (2f m, 1, L + 1 + f, L + 1 + f − `)-scheme.
Proof. (i) We remove some vertex not being in D, to get a punctured hypercube with dummy
vertices in D and m − 1 element vertices. Since no vertex of D has been removed, D is
still `-cube dominating, and Proposition 5 yields the first assertion. If some vertex in D is
redundant, we remove this vertex instead, and retain m element vertices.
(ii) We append to every string f further bits, in all 2f possible ways. If the original string
was an element (dummy) string, then we let all its 2f extensions be element (dummy) strings
as well. In other words, we glue together 2f copies of the given hypercube equipped with
the given set D. Every element vertex is still `-cube dominated within its own copy, and
redundant vertices stay redundant. Now both assertions follow as above.
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Ignoring One Bit

Now we use the equivalence to cube domination to obtain concrete (m, 1, s, t)-schemes with
s = L + 1 and t < s, that is, schemes that use optimal space but need not read all bits. First
we deal with t = L, that is, ` = 1 and usual dominatiom, according to Proposition 5.
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We have to state that the knowledge of exact domination numbers of (full) hypercubes is
rather fragmentary. Very few domination numbers are known [2, 3, 10, 12, 14, 17]:
Theorem 7. The domination number γ(QL+1 ) of the full (L + 1)-dimensional hypercube is:
• 7, 12, 16, 32, 62, for L = 4, 5, 6, 7, 8, respectively,
• 2L+1−k for 2k − 2 ≤ L ≤ 2k − 1,
• at most 2L−2 for every L > 6.
Let G − v denote the graph G after removal of vertex v and its incident edges. A very
simple fact is:
Proposition 8. For every graph G we have γ(G) − 1 ≤ γ(G − v) ≤ γ(G).
Proof. Let D be some minimum dominating set of G − v. We re-insert v in G − v to obtain
G. If D dominates v, then the domination numbers are equal. If not, it suffices to add v to
D to get some dominating set of G.
Specifically we get the following results to start with.
Proposition 9. There exists a (5, 1, 3, 2)-scheme, but no (6, 1, 3, 2)-scheme.
Proof. We have γ(Qo3 ) = 2: One example of a minimum dominating set is given by D =
{100, 011}, which yields a (5, 1, 3, 2)-scheme that uses the element strings 010, 001, 110, 101, 111
and the corresponding probes 01∗, 0 ∗ 1, 1 ∗ 0, 10∗, ∗11. Due to Proposition 5, a (6, 1, 3, 2)scheme would require a single dominating vertex, which can however dominate only 4 of the
7 vertices.
Proposition 10. There exists an (11, 1, 4, 3)-scheme, but no (12, 1, 4, 3)-scheme.
Proof. From Theorem 7 we know γ(Q4 ) = 4. Let o = 0000 be the vertex that has been deleted
to get Qo4 . Assume that γ(Qo4 ) = 3, and let D be a dominating set with |D| = 3. Since every
vertex dominates at most 5 of the 15 vertices of Qo4 , every vertex must be dominated exactly
once. No vertex of weight 1 can be in D, since it would dominate only 4 vertices other than
0000. Hence all vertices of weight 1 must be dominated by vertices of weight 2. Since 1111
must be dominated, too, at most 2 vertices of weight 2 can be in D, say 1100 and 0011. But
then no further vertex (of weight 3) can dominate all remaining vertices. Hence γ(Qo4 ) = 4,
contrary to the assumption. Finally, Proposition 5 yields both assertions.
Similarly, the known domination numbers from Theorem 7 yield a (24, 1, 5, 4)-scheme, a
(51, 1, 6, 5)-scheme, a (111, 1, 7, 6)-scheme, and so on, but in these cases we could not figure
out whether m can be improved by 1 (which might be possible due to Proposition 8).
However, a more rewarding question than closing these tiny gaps is the bit probe number
for general L. Existing knowledge and our preparations enable a very short proof of:
Theorem 11. For every L ≥ 6 and every m < 1.75 · 2L , there exists an
(m, 1, L + 1, L)-scheme.
Proof. By Theorem 7, the (L + 1)-dimensional hypercube, and thus also the punctured one,
has a dominating set of size 2L−2 . Due to Proposition 5, the result now follows for m =
2L+1 − 1 − 2L−2 and for all smaller numbers m.
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An interesting open problem is whether the factor 1.75 can be further increased as L
increases. It might even tend to 2 for L → ∞; we do not know a non-trivial bound. According
to Theorem 7, this problem is equivalent to the notoriously difficult domination numbers of
high-dimensional hypercubes. Therefore we do not investigate this problem further at this
point. Instead we look into the opposite direction: We will show that even more probe bits
can be saved when the ratios m/2L are somewhat smaller.
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5.1

Ignoring Two Bits
Approach

In this section we will construct (m, 1, L + 1, L − 1)-schemes. First we give some intuition.
According to Proposition 5 applied to ` = 2, every element string must belong to a
quadrangle (2-dimensional sub-hypercube) together with three dummy vertices. On the other
hand, since s = L + 1, the majority of vertices must be element vertices. To satisfy these
seemingly conflicting requirements, any (m, 1, L + 1, L − 1)-scheme needs conglomerates of
such quadrangles that share many dummy vertices but include even more different element
vertices.
In this situation, our key observation is that a star of dummy vertices, consisting of one
“central”
vertex and k ≤ L + 1 of its neighbors, can indeed form quadrangles with up to

k
k
2 element vertices at distance 2 from the central vertex. Since 2 > k + 1 for k ≥ 4, the
element vertices form the majority. However, the challenge is to pave the entire hypercube
by such stars of dummy vertices, thereby maximizing m.
Next, a practical approach to reduce the search space for this puzzle, possibly at the price
of getting only suboptimal m, is to map the hypercube to a low-dimensional grid and treat
all vertices with the same image equally, i.e., make them either dummy or element vertices.
In other words, we relax our problem to some weighted problem in homomorphic images of
hypercubes. (Remember that even the usual domination problem in hypercubes is not well
understood, hence suboptimal yet “positive” results for ` = 2 should be valuable.)
Below we will develop the technical details of our constructions. First we define several
special objects. Recall that s = L + 1.
Definition 12. Let π be a partitioning of the orderedP
set of bit positions {1, . . . , s} into g
segments of s1 , . . . , sg positions, where ∀i : si > 0 and gi=1 si = s. Given π, we set up a gdimensional grid of points with integer coordinate
vectors (x1 , . . . , xg ), where ∀i : 0 ≤ xi ≤ si .
Qg
Furthermore, we partition the set of the i=1 (si +1) grid points into a set D̃ of dummy points
and a set Ẽ of element points.
Finally, we define an (m, 1, s, t)-scheme from π, D̃, Ẽ as follows. We map every vertex v of
the punctured s-dimensional hypercube (binary string v of s bits) to the grid point (x1 , . . . , xg ),
where xi is the number of 1s in the i-th segment of the string v. We let D be the set of strings
mapped onto D̃, and similarly with E. That is, every string mapped to a dummy (element)
point becomes a dummy (element) string.
In particular, if g = s, then the grid is just the original hypercube, and if g = 1, then the
strings are distinguished by their weights only.
Recall from Proposition 3 that an (m, 1, s, t)-scheme is characterized by the set of the
element strings and their minimal probes. In Definition 12 we haven’t yet specified the
probes (and t), but we will do this by cube domination, using Proposition 5, and due to
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Lemma 6 we consider full hypercubes and redundant vertices in D. In particular, for ` = 2
we will derive a condition on the dummy points in the grid that is sufficient for making the
set of dummy elements 2-cube dominating, in the scheme from Definition 12.
For this purrpose, we can alternatively view a grid as a graph where two vertices (grid
points) are adjacent if and only if their Euclidean distance is 1. We call a straight path a path
of grid points where all coordinates but one are equal (figuratively, a path without bends).
A quadrangle in the grid is a subgraph of four grid points that form a cycle.
Lemma 13. For any scheme defined by a grid as specified in Definition 12, the following
statements are equivalent:
• Every element point in the grid is an end point of a straight path with three points,
where the two others are dummy points, or belongs to a quadrangle with three dummy
points.
• The set of dummy vertices is 2-cube dominating in Qs .
The two cases are illustrated here, with dummy points and element points displayed as *
and e, respectively:
∗ ∗
∗ e

∗ ∗ e

Proof. Consider any quadrangle in the hypercube. Its four strings have the form u0v0w,
u0v1w, u1v0w, u1v1w, where u, v, w are substrings that may be empty. Remember the
notion of segment from Definition 12.
If the two changing bits belong to the same segment, then the four elements are mapped
to grid points whose coordinates except one are constant, and the changing coordinate has
the values i, i + 1, i + 1, i + 2, respectively, for some integer i.
If the two changing bits belong to different segments, then the four elements are mapped
to grid points whose coordinates except two are constant, and the changing coordinates have
the values (i, j), (i + 1, j), (i, j + 1), (i + 1, j + 1), respectively, for some integers i and j.
Suppose that the set of dummy vertices is 2-cube dominating. Then it follows: Every
element vertex is in some quadrangle with three vertices, and the image of this quadrangle
is either a straight path with three points or a quadrangle in the grid, as seen above. In the
former case, the element vertex is an end point of the path, since the inner point represents
two vertices which cannot be one element and one dummy vertex.
This shows one direction of the equivalence. Next we show the more important opposite
direction. Consider any element vertex and its image point p in the grid.
Let p be the end of a straight path with dummy points q and r. The strings of vertices
mapped to the path differ in only one segment σ. Let the number of 1s in p, q, r in σ be i,
i + 1, i + 2, respectively. We choose any two positions of bits in σ that are 0 in the considered
string mapped to p. Such positions exist since r represents all strings with i + 2 bits 1 in
σ, in particular, the length of σ is at least i + 2. We change any one of these 0s into 1 to
obtain two strings mapped to q, and we change both 0s into 1 to obtain a string mapped
to r. These three strings are dummy strings and together 2-cube dominate our considered
element string. The case where the strings in p, q, r have i + 2, i + 1, i, respectively, bits 1s
in σ is symmetric. There we change two 1s into 0s instead.
It should be evident that the reasoning for quadrangles in the grid is similar, except that
only one bit is changed in each of two segments.
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5.2

Results

We are ready to derive specific results on (m, 1, L + 1, L − 1)-schemes, using the above tools
plus further heuristics (see below).
First we mention that no (8, 1, 4, 2)-scheme exists, hence no (9, 1, 4, 2)-scheme, etc., exists.
This can be shown by tedious exhaustive case examinations, but we have not found a concise
proof.
However, for sizes L ≥ 4 we do obtain (m, 1, L + 1, L − 1)-schemes. Note that we want
to maximize m for a given L, and that any (m, 1, L + 1, L − 1)-scheme trivially implies
(m0 , 1, L + 1, L − 1)-schemes for all m0 < m.
The plan is to place the dummy points, preferably, close to the borders and corners of the
grids, because the element numbers are small there. At the same time we must observe the
condition from Lemma 13 and “reach” all grid points. In particular, we first try to dominate
the central points with largest numbers in the cheapest way.
As a convenient notation, when we display grids, we shall indicate the numbers of strings
mapped to each grid point. From Definition 12 it is obvious that these numbers are certain
binomial coefficients or products thereof. We also mark each dummy points by an asterisk
(*). As we will see, this gives a good overview of the total numbers of dummy and element
vertices and makes it easy to check that all element vertices are `-cube dominated.
Proposition 14. There exists a (19, 1, 5, 3)-scheme.
Proof. Apply Lemma 6 (i), Lemma 13, and the following 1-dimensional grid.
∗1 ∗5 10 10 ∗5 ∗1
We remark that we get only m = 19 rather than 20, due to the lack of a redundant
dummy vertex.
Corollary 15. There exist a (39, 1, 6, 4)-scheme, a (79, 1, 7, 5)-scheme,
a (159, 1, 8, 6)-scheme, and a (319, 1, 9, 7)-scheme.
Proof. Apply Lemma 6 (ii) to the scheme from Proposition 14.
The next item in this sequence would be a (639, 1, 10, 8)-scheme, but this can be considerably improved:
Proposition 16. There exists a (723, 1, 10, 8)-scheme.
Proof. Apply Lemma 6 (i), Lemma 13, and the following 2-dimensional grid.
1 ∗5 ∗10
5 25 ∗50
∗10 50 100
∗10 ∗50 100
∗5 25 50
1
5 ∗10

∗10
5
1
50 25 ∗5
100 ∗50 ∗10
100 50 ∗10
∗50 25
5
∗10 ∗5
1

Indeed, all element points satisfy the condition in Lemma 13.
As the next step we may apply Lemma 6 (ii) once more and obtain a (1447, 1, 11, 9)scheme. At this point we can raise m somewhat. More interesting than the relatively small
improvement as such is the fact that a new pattern of dummy points emerges in the grid.
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Proposition 17. There exists a (1464, 1, 11, 9)-scheme.
Proof. Apply Lemma 6 (i), Lemma 13, and the following 2-dimensional grid.
∗1
6 ∗15 ∗20 ∗15
6 ∗1
5 30 75 ∗100 75 30
5
∗10 ∗60 150 200 150 ∗60 ∗10
∗10 ∗60 150 200 150 ∗60 ∗10
5 30 75 ∗100 75 30
5
∗1
6 ∗15 ∗20 ∗15
6 ∗1
Note as a minor detail that the dummy vertices at the corners are redundant, so we can
remove one of them. They are dummy points in our scheme, only because they cannot be
2-cube dominated cheaply.
Finally we get a general result for saving two probe bits:
Theorem 18. For every L ≥ 10 and every m < 1.42 · 2L , there exists an
(m, 1, L + 1, L − 1)-scheme.
Proof. This follows instantly from Lemma 6 and Proposition 17, noticing that 1464/1024 >
1.42.
Similarly to the remarks on Theorem 11, the factor 1.42 is probably not the last word.
We conjecture that it can be raised further. But we mention that we have not found better
values of m via grids of dimension g > 2 so far. An explanation might be that the quadrangles
themselves are 2-dimensional grids, such that higher-dimensional grids might not give better
opportunities to glue them.

5.3

Ignoring Even More Bits

Next we can show that even some (m, 1, L + 1, L − 2)-schemes exist. Similarly as in case
` = 2, the condition for a scheme described by a 2-dimensional grid is that every element
point is the end of a straight path of four points (a (1 × 4)-subgrid) or the corner of some
(2 × 3)-subgrid, where all other points in the respective subgrid are dummy points. The proof
is analogous to Lemma 13.
Theorem 19. For every L ≥ 7 and every m < 1.09 · 2L , there exists an
(m, 1, L + 1, L − 2)-scheme.
Proof. Our basic observation is a 1-dimensional grid describing a (69, 1, 7, 4)-scheme (where
we remove one of the 35 + 35 element vertices in the punctured hypercube). The grid is:
∗1 ∗7 ∗21 35 35 ∗21 ∗7 ∗1
Note that every element point is the end of a path with three dummy points. Since
70/64 > 1.09, Lemma 6 implies the assertion for every larger L.
Again, it could be interesting to raise the factor 1.09. We conclude with a
Conjecture. There exist no (m, 1, L + 1, L − 3)-schemes.
We were led to this conjecture by reasoning on the growth of binomial coefficients, and
from failed attempts to construct such schemes from grids despite much experimentation. But
actually it is open whether (m, 1, L + 1, L + 1 − `)-schemes are possible even for arbitrarily
large `. A weaker conjecture is that no such schemes exist from some fixed ` on.
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Conclusions

We have constructed several non-obvious schemes for storing one out of m elements, that
use optimal space and save some probe bits when querying the stored element. They work
for large ranges of m. Although being based on fairly general ideas (cube domination in
hypercubes, low-dimensional relaxation, and doubling), the specific results have been found
in an ad-hoc way. It could be nice to find good general patterns of dummy points.
The impact of extra memory bits (s = L + 2, s = L + 3, etc.) was beyond our scope. Of
course, larger probe bit savings would not be surprising there, but it remains the (difficult)
question of exactly quantifying them. Some other open questions were already mentioned.
Finally, these schemes for single elements could be used inside membership testers for subsets
of up to n elements.
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